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Introduction
Cognitive dysfunction (CD), a major complication of 
cerebral infarction, appears to take negative effects on 
the five most commonly assessed domains: memory, 
attention, calculation, visuospatial function, and execu-
tive function [1]. Insufficient emphasis on CD has been 
posing a major burden to medical systems and impeding 
research progress, and there is a critical need for timely 
prevention. Many survivors exhibit cognitive deficits that 
endure or develop in the years following cerebral infarc-
tion [2], manifesting clinically as a stepwise or fluctuating 
deterioration in cognition. The cognitive domains that 
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Abstract
Objective Our research aims to elucidate the significance of type 2 diabetes (T2D) and provides an insight into a 
novel risk model for post-cerebral infarction cognitive dysfunction (PCICD).

Methods Our study recruited inpatients hospitalized with cerebral infarction in Xijing hospital, who underwent 
cognitive assessment of Mini-Mental State Examination (MMSE) from January 2010 to December 2021. Cognitive 
status was dichotomized into normal cognition and cognitive impairment. Collected data referred to Demographic 
Features, Clinical Diseases, scale tests, fluid biomarkers involving inflammation, coagulation function, hepatorenal 
function, lipid and glycemic management.

Results In our pooled dataset from 924 eligible patients, we included 353 in the final analysis (age range 65–91; 
30.31% female). Multivariate logistic regression analysis was performed to show that Rural Areas (OR = 1.976, 
95%CI = 1.111–3.515, P = 0.020), T2D (OR = 2.125, 95%CI = 1.267–3.563, P = 0.004), Direct Bilirubin (OR = 0.388, 
95%CI = 0.196–0.769, P = 0.007), Severity of Dependence in terms of Barthel Index (OR = 1.708, 95%CI = 1.193–2.445, 
P = 0.003) that were independently associated with PCICD, constituting a model with optimal predictive efficiency.

Conclusion To the best of our knowledge, this study provides a practicable map of strategical predictors to robustly 
identify cognitive dysfunction at risk of post-cerebral infarction for clinicians in a broad sense. Of note, our findings 
support that the decline in serum direct bilirubin (DBil) concentration is linked to protecting cognitive function.

Keywords Cognitive dysfunction, Stroke, Type 2 diabetes, Cerebral infarction, Older adults, Risk factors

Risk factors for post-cerebral infarction 
cognitive dysfunction in older adults: 
a retrospective study
Fanyuan Ma1,2, Qian Zhang2, Jinke Li2, Liping Wu2 and Hua Zhang1*

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/publicdomain/zero/1.0/
http://crossmark.crossref.org/dialog/?doi=10.1186/s12883-024-03574-7&domain=pdf&date_stamp=2024-2-20


Page 2 of 8Ma et al. BMC Neurology           (2024) 24:72 

showed gradual decline after cerebral infarction, possibly 
through a synergistic interaction between neurodegen-
eration and cerebrovascular pathology [3].

There is growing recognition that people of all age 
groups with type 2 diabetes (T2D) develop progres-
sively cognitive deficits that predominantly occur in older 
adults, and it is suspected that reduced cerebral vasoreac-
tivity and altered resting cerebral blood flow may account 
for the lesser grade on cognitive tests [4]. The evidence as 
to whether T2D is associated with CD by various mecha-
nisms and pathways is equivocal [5]. T2D is of the utmost 
clinical contributor to the overall burden of CD, and the 
need to sort out their relationship is a research priority.

Given that a variety of factors may initiate or acceler-
ate CD in older adults, developing accurate prediction 
models is of paramount significance. Hence, our study 
specifically aims to explore significant risk factors with 
predictive value for post-cerebral infarction CD diagnosis 
outcome. Identifying outcome determinants could offer 
clinical insights into cognitive decline, as well as improve 
prevention strategies considered suitable for clinical use.

Methods
Participants
Participants were older adults aged 65 and above hos-
pitalized from January 2010 to December 2021. To be 
enrolled, participants had to be diagnosed as cerebral 
infarction and filled out Mini-mental State Examination 
(MMSE) for cognitive assessment. We extracted data 
using an electronic miniature form in Xijing Hospital 
affiliated to Air Force Medical University. Data on demo-
graphic characteristics, fluid biomarkers, and cardiac-
cerebral vascular diseases were collected from medical 
records.

Participants were excluded if they had any of the fol-
lowing: (1) under the age of 65; (2) missing data of MMSE 
score; (3) Dementia, Alzheimer’s disease, Binswanger’s 
disease; (4) unclear diagnosis as Type 2 Diabtes; (5) 
malignant or undermined tumor; (6) psychonosema, 
alcohol dependence.

Risk or protective factors
Besides demographic characteristics (e.g., Gender, living 
area, Alcohol consumption, Education level), fluid bio-
markers combining peripheral blood cells, coagulation 
function, hepatorenal function, Homocysteine (HCY) 
and Glycated hemoglobin (HbA1c) were involved. Scale 
tests refered to MMSE scale, Hamilton Anxiety Scale 
(HAMA), Hamilton Depression Scale (HAMD), and Bar-
thel Index (BI).

Education level is used as a ranked variable, differing 
from illiteracy, elementary school, junior high school, 
and above, in terms of application conditions of MMSE. 
Amended evaluations to verify CD are as follows: those 

who scored < 17 at the illiteracy level; those scored < 20 
at the elementary school level; those who scored < 24 at 
junior high school and above [6]. Degree of dependence 
is also used as a ranked variable, varying from inde-
pendent, mildly dependent, moderately dependent to 
severely dependent, according to the scores patients have 
gained [7, 8].

Statistical methods
Kolmogorov-Smirnov test was used to test the normality 
of continuous variables. Group comparisons were per-
formed using the one-way analysis of variance (ANOVA) 
(parametric variables) or Mann-Whitney U test (non-
parametric variables) as appropriate. Mean ± standard 
deviation values applied to quantitative data that was 
normally distributed,and the median (quartile), i.e., 
M (P25-P75), applied to the quantitative data that was 
non-normally distributed. Categorical variables were 
compared using a chi-square test. Multivariate logistic 
regression models went for significantly risk factors that 
might be related to cognitive impairment. Significance 
was set for all comparisons at P < 0.05.

Results
Of the 924 participants, a total of 353 patients were 
included in the final analysis (Shown in Fig.  1). In the 
total of the study samples, the mean age was 73 years 
(SD = 5.708) and 246 patients (69.69%) were men. 99 
patients (28.05%) lived in rural areas. Our retrospective 
trial examined the effects of multidomain fluid biomarker 
that simultaneously targeted blood pressure, lipid and 
glycemic control, inflammation and coagulation, physical 
inactivity, and hepatorenal function.

220 patients were diagnosed with CD, based on their 
performance on MMSE scores standardized by educa-
tion level. The remaining 133 patients were diagnosed 
with non-cognitive dysfunction (NCD). No significant 
differences were detected in age, gender, education level, 
current smoking and drinking (Shown in Table  1). As 
for common complications of old people, the presence 
of T2D appeared to be positively associated with inci-
dent CD. However, no significant difference was found 
between the two groups in HbA1c. On the other hand, 
interestingly, elevated level of bilirubin tends to be nega-
tively associated with incident CD, seemingly playing a 
protective role.

To further explore effective risk factors for the post-
cerebral infarction cognitive dysfunction (PCICD) on 
the whole, a pooled logistic regression analysis of the 
available data after adjusting many confounding factors 
including age, gender, and education level (all P < 0.05), 
suggests that living in rural areas leads to a 1.976-fold 
increased risk of PCICD (OR = 1.976, 95%CI = 1.111–
3.515, P = 0.020). With respect to complications, 
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incident T2D confers an increase in risk (OR = 2.125, 
95%CI = 1.267–3.563, P = 0.004). The risk of post-cere-
bral infarction with hyperbilirubinemia is 0.388 times 
lower compared to normal range of bilirubin for CD 
(OR = 0.388, 95%CI = 0.196–0.769, P = 0.007). Barthel 
Index is presumably associated with PCICD because it 
reflects physical functional limitations or even the greater 
dependency severity (OR = 1.708, 95%CI = 1.193–2.445, 
P = 0.003) (Shown in Table 2). In addition, CD may occur 
as a result of severe dependency levels. Our study found 
that cerebral infarction survivors with T2D, compared to 
those without, experienced a faster decline in cognition 
scores at baseline (Shown in Fig. 2).

Some limitations of our study should be noted. Post-
cerebral infarction cognitive trajectories might be time-
variant, as such, leading to inaccuracy in the timing of 
assessment due to inconsistent estimates. we have cre-
ated a multifactor model that reasonably predicts PCICD 
following cerebral infarction (Shown in Fig.  3), and the 
contingency tables could demonstrate the distribution of 
the four risk factors following a logistic regression assign-
ment. It is quite clear that elevated DBil level plays a pro-
tective role in CD, and the effects of bilirubin may offer 
novel insights into better informed prevention strategies 
and follow-up.

Discussion
While the interactions are being addressed by ongoing 
massive research efforts, CD following a cerebral infarc-
tion event is principally attributed to direct damage to 

brain regions essential for cognition [9], cerebral struc-
tural lesion, and disrupted connectivity [10], neurotox-
icity, oxidative stress injury and metabolic disturbances 
[11]. Some factors, mainly age, are also known to con-
tribute to vascular remodeling and angiogenesis being 
attenuated in the aging brain, which results in acceler-
ated cognitive decline. People with T2D in all age groups 
develop subtle cognitive changes that are aggravated 
with time prolonging, primarily affecting older adults 
[4]. However, no overwhelming evidence indicates that 
T2D does indeed accelerate the rate of cognitive aging 
[12]. Even then, adults aged 65 years or older should be 
screened for early detection of CD annually as appropri-
ate [13].

Our study validates a practicable prediction model for 
PCICD, which in some respects showed an inextricable 
link between T2D and cognition, but not necessarily 
implying causality. The final model, consisting of rural 
areas, the presence of T2D, bilirubin, and Barthel index, 
allows for viable clinical implementation due to its sim-
plicity, although waiting further testing in prospective 
studies. We envision that may be conductive to prioritiz-
ing patients for cognitive assessment where resources are 
restricted. Although our model is formulated in view of 
older adults aged 65, living in rural areas, which we were 
not able to control for, seems of particular importance 
here. We do not claim that our model is definitive, but 
it allows to highlight the complex of incident CD. Our 
research highlights the need for consideration of com-
mon comorbidities, simultaneous and interactive.

Fig. 1 The flow chart and exclusion criteria of the retrospective study
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Characteristics NCD group (n = 133) CD group (n = 220) F/χ2/Z P value
Demographic Features and Clinical Diseases Age (y) 72 (67, 76) 73 (68, 76) 0.932 0.351

Gender, male, n (%) 94 (70.68%) 152 (69.09%) 0.099 0.753
Area, rural, n (%) 28 (21.05%) 71 (32.27%) 5.171 0.023*

Alcohol comsumption, n (%) 21 (15.79%) 54 (24.55%) 3.798 0.051
Smoking, n (%) 53 (39.85%) 87 (39.55%) 0.003 0.955
Education level −0.353 0.724
Illiteracy, n (%) 3 (2.25%) 13 (5.91%)
Elementary school, n (%) 31 (23.31%) 45 (20.45%)
Junior high school & above, n (%) 99 (74.44%) 162 (73.64%)
Hypertension, n (%) 101 (75.94%) 162 (73.64%) 0.232 0.630
Coronary Artery Disease, n (%) 26 (19.55%) 43 (19.55%) 0.000 0.999
Cerebral Arterial Stenosis, n (%) 19 (14.29%) 23 (10.45%) 1.161 0.281

Scale Tests MMSE score 25 (25, 27) 19 (15, 22) −14.595 0.000*

HAMA score 9 (7,13) 11 (7, 15) 1.588 0.112
HAMD score 10 (6, 15) 10 (7, 16) 0.366 0.714
Severity of dependence (BI) −4.117 0.000*

Independent, n(%) 60 (45.11%) 54 (24.55%)
Mildly dependent, n(%) 60 (45.11%) 125 (56.82%)
Moderately dependent, n(%) 12 (9.23%) 32 (14.54%)
Severely dependent, n(%) 1 (0.75%) 9 (4.09%)

Peripheral Blood Cells & Coagulation 
Function

White blood cell (×109/L) 5.78 (4.83, 7.18) 5.77 (4.88, 6.90) −0.438 0.662
Neutrophil % 0.613 ± 0.098 0.605 ± 0.099 0.288 0.462
Lymphocyte % 0.289 ± 0.091 0.290 ± 0.090 0.262 0.905
Neutrophil (×109/L) 3.60 (2.77, 4.56) 3.54 (2.65, 4.35) −0.719 0.472
Lymphocyte (×109/L) 1.65 (1.28, 2.02) 1.61 (1.28, 2.09) −0.304 0.761
Blood platelet (×109/L) 181 (149, 207) 184 (152, 218) 0.935 0.350
PT (s) 11.00 (10.40, 11.40) 11.00 (10.50, 11.50) 0.196 0.845
APTT (s) 25.80 (23.00, 28.40) 25.90 (23.40, 28.75) 0.499 0.617
Fibrinogen (g/L) 2.73 (2.35, 3.23) 2.90 (2.39, 3.40) 1.297 0.195
Thrombin time (s) 18.20 (17.30, 19.00) 18.10 (17.25, 19.00) −0.354 0.724
D-dimer (mg/L) 0.36 (0.24, 0.70) 0.40 (0.24, 0.66) 0.719 0.472
FDP (µg/ml) 1.85 (1.40, 2.76) 1.95 (1.43, 2.52) 0.285 0.775
PT% (%) 94.40 (85.60, 100.00) 94.30 (85.65, 104.00) 0.846 0.398
INR 0.97 (0.92, 1.03) 0.97 (0.92, 1.02) −0.019 0.985

Hepatorenal Function ALT (IU/L) 20 (15, 28) 19 (14, 25) −1.793 0.073
AST (IU/L) 20 (16, 25) 19 (15, 23) −1.906 0.057
γ-GGT (IU/L) 20 (15, 30) 23 (16, 35) 1.673 0.094
Totel protein (g/L) 66.0 ± 5.8 64.8 ± 5.5 0.345 0.054
Globulin (g/L) 26.1 ± 4.3 26.1 ± 4.1 0.224 0.921
Albumin (g/L) 39.9 ± 3.4 38.7 ± 3.5 0.349 0.003*

Total bilirubin (µmol/L) 13.1 (10.1, 15.9) 11.1 (8.8, 14.9) −2.993 0.003*

Direct bilirubin (µmol/L) 4.7 (3.4, 6.3) 4.0 (3.1, 5.4) −2.307 0.021*

Indirect bilirubin (µmol/L) 8.5 (6.3, 10.0) 7.1 (5.5, 9.4) −2.863 0.004*

Alkaline phosphatase (IU/L) 73 (61, 86) 76 (65, 92) 1.792 0.073
Cystatin-C (mg/L) 1.11 (0.98, 1.22) 1.10 (0.98, 1.28) 0.325 0.745
Blood urea nitrogen (mmol/L) 5.09 (4.29, 6.51) 5.30 (4.35, 6.73) 0.922 0.357
Serum creatinine (µmol/L) 87 (74, 100) 87 (72, 100) −0.051 0.959
Serum uric acid (µmol/L) 288 (228, 345) 270 (230, 323) −1.775 0.076

Table 1 Demographic and clinical characteristics of patients stratified according to cognitive dysfunction
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Table 2 Logistic regression analysis to verify risk factors of incident cognitive dysfunction
Regression coefficient (β) Standard error (SE) Wald P value Odds ratio (OR) 95% confidence interval (CI)

T2D 0.754 0.264 8.165 0.004* 2.125 1.267–3.563
Area (Rural) 0.681 0.294 5.381 0.020* 1.976 1.111–3.515
Dependence (BI) 0.535 0.183 8.560 0.003* 1.708 1.193–2.445
D Bil -0.946 0.349 7.358 0.007* 0.388 0.196–0.769
Age 0.014 0.019 0.476 0.490 1.014 0.976–1.053
Gender (male) -0.034 0.248 0.018 0.892 0.967 0.594–1.573
Education level -0.139 0.211 0.434 0.510 0.870 0.576–1.315
∗ P < 0.05

Fig. 2 The box plot to show the correlations between T2D and MMSE scores on account of education level

 

Characteristics NCD group (n = 133) CD group (n = 220) F/χ2/Z P value
BP, lipid, weight and glycemic management BMI (kg/m2) 24.3 (23.1, 26.1) 24.0 (22.6, 26.0) −0.745 0.456

Systolic blood pressure (mmHg) 139 (131, 156) 140 (130, 151) −0.599 0.549
Diastolic blood pressure (mmHg) 80 (72, 87) 79 (72, 85) −0.596 0.551
T2D, n (%) 45 (33.83%) 108 (49.09%) 7.856 0.005*

HbA1c (%) 6.4 (5.6, 7.4) 6.6 (5.9, 7.9) 1.796 0.073
Blood glucose (mmol/L) 7.4 (6.1, 9.4) 7.4 (6.0, 10.8) 0.403 0.687
Total cholesterol (mmol/L) 3.67 (3.05, 4.26) 3.65 (3.07, 4.43) 0.138 0.890
Triglyceride (mmol/L) 1.15 (0.90, 1.60) 1.18 (0.92, 1.69) 0.744 0.457
HDL-C (mmol/L) 1.07 (0.89, 1.28) 1.06 (0.90, 1.22) −0.340 0.734
LDL-C (mmol/L) 2.00 (1.49, 2.60) 2.11 (1.56, 1.76) 0.647 0.518
Apolipoprotein-A1 (g/L) 1.08 (0.93, 1.29) 1.08 (0.96, 1.22) −0.160 0.873
Apolipoprotein-B (g/L) 0.66 (0.51, 0.79) 0.65 (0.54, 0.84) 1.018 0.309
HCY (µmol/L) 13.33 (10.37, 17.48) 12.85 (10.50, 17.24) −0.022 0.983
Vit B12 (pmol/L) 262 (176, 510) 331 (211, 549) 1.926 0.054
Folic Acid (nmol/L) 13.99 (8.62, 22.32) 12.65 (8.39, 19.60) −0.988 0.323

∗ P < 0.05

Abbreviation PT = prothrombin time; APTT = activated partial thromboplastin time; FDP = fibrinogen degradation products; INR = international normalized ratio; 
GGT = glutamyl transpeptidase; HDL-C = high density lipoprotein-cholesterol; LDL-C = low density lipoprotein-cholesterol; HCY = Homocysteine

Table 1 (continued) 
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Based on data from a real-world sample, the results of 
our study supported the impelling role of T2D on cog-
nitive deterioration, perhaps through diabetes-derived 
endothelial dysfunction and microvessel damage [14]. 
Although more attention shall be paid, greater glucose 
variability in the early phase post-cerebral infarction has 
been associated with CD [15]. It is suspected whether 
there are positive effects on cognition is bound up with 
the absence of a concurrent history of diabetes and 
hypertension [16]. Whereas, no significant difference is 

found in the HbA1c. The correlation between HbA1c lev-
els and cognition remains disputed [17].

Survivors of cerebral infarction may be challenged not 
only with cognitive consequences, but also with physical 
inactivity [18]. Barthel index is used extensively, assess-
ing functional status to identify older adults who need 
higher levels of nursing assistance [19]. The Combination 
of motor and cognition impairment is relatively common 
among stroke survivors, associated with executive func-
tion and global cognition [20]. The role of cognition in 
functional recovery remains a benchmark of in cerebral 

Fig. 3 ROC curve and Forest Plot to show risk factors for incident post-cerebral infarction cognitive dysfunction. It is obvious that DBil plays a protective 
role. The contingency tables showed the four risk factors distribution in the evaluation the logistic model
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infarction [21]. A validated measure of the motor-cogni-
tive interval shall be necessary to predict incident CD in 
individuals with history of cerebral infarction.

It is speculated that there may be a close tie between 
plasma bilirubin and cerebral infarction. By contrast, few 
studies assessed the predictive value of bilirubin for CD 
as a clinical outcome, which requires a multifaceted ana-
lytical approach. As per our analysis, the association even 
tends to be a reverse where bilirubin is not accounted for 
or is taken as a protector of cognitive dysfunction, which 
also implies the possible benefits of elevated bilirubin, 
echoing a prior study where bilirubin levels were found 
to be positive correlated with working memory [22]. In 
concordance with the previous study [23], as the inverse 
relationship is revealed, our study suggests the protective 
effect of bilirubin on antioxidant and anti-inflammatory 
properties is considered an excellent potential marker. 
Nevertheless, another study declared serum TBil concen-
tration was positively correlated with immediate memory 
[24], inconsistent with our results. It is suspected the 
memory impairment may be attributed to deficiency of 
the antioxidant system caused by decreased bilirubin 
[22]. It is thus significant for future studies to disentangle 
the potential effects of hyperbilirubinemia on PCICD. 
Due to the limited number of included cases, we can not 
find evidence in this regard suggesting the associations 
of hyperbilirubinemia and PCICD differed by potential 
heterogeneity sources, including subtype, duration of dis-
ease and time point of assessment. As such, bilirubin is 
likely to emerge as a credible risk and prognostic param-
eter serving to augment clinical assessment.

Conclusion
Taken together, the diagnosis and prediction of PCICD 
by biomarkers has become a hot research topic, risk fac-
tors involving degree of dependence, living area, the 
presence of T2D, and bilirubinemia. To the best of our 
knowledge, this study provides a practicable map of stra-
tegical predictors to robustly identify CD at risk of post-
cerebral infarction for clinicians in a broad sense. Of 
note, our findings support that the decline in serum DBil 
concentration is linked to protecting cognitive function. 
In order to develop more accurate models for predict-
ing cognitive outcomes after cerebral infarction, future 
researches should consider the possibility of interactions 
between multiple pathways of influence and predictors.

Acknowledgements
Not applicable.

Author contributions
FY coordinated and designed the study, drafting the manuscript and HZhang 
shall be the corresponding author critically revising the manuscript. QZhang 
played a part in draft editing and data collection. JK performed in the graphics 
production and statistical analysis. LP Participated in discussions in the 

physiology and clinical practice sections editing. All authors contributed to 
the article and approved the submitted version.

Funding
This study was funded by Key Research and Development Program of 
Shaanxi (2022SF160); Project of National Natural Science Foundation of 
China (81370928); Construct Program of the Key Discipline in Xijing Hospital 
(XJZT18ML79); Nursery Project in Tangdu Hospital (grant No. 2022MPPY006).

Data availability
The datasets used and/or analysed during the current study available from the 
corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The study involving human subject, ethics approval and consent to 
participate, was carried out in accordance with the Declaration of Helsinki 
and relevant guidelines in Xijing Hospital. All experimental protocols were 
approved by Ethics Committee of Air Force Medical University Xijing Hospital 
that waived the need for informed consent from the participants (grant 
number: KY20212227-C−1).

Consent for publication
Not Applicable.

Conflict of interest
The authors declare that they have no conflict of interest.

Received: 29 September 2023 / Accepted: 16 February 2024

References
1. Zhang X, Bi X. Post-stroke Cognitive Impairment: a review focusing on 

molecular biomarkers. J Mol Neurosci. 2020;70(8):1244–54.
2. Rost NS, Brodtmann A, Pase MP, et al. Post-stroke Cognitive Impairment and 

Dementia. Circ Res. 2022;130(8):1252–71.
3. Heshmatollah A, Dommershuijsen LJ, Fani L, et al. Long-term trajectories of 

decline in cognition and daily functioning before and after stroke. J Neurol 
Neurosurg Psychiatry. 2021;92(11):1158–63.

4. van Sloten TT, Sedaghat S, Carnethon MR, et al. Cerebral microvascular com-
plications of type 2 diabetes: stroke, cognitive dysfunction, and depression. 
Lancet Diabetes Endocrinol. 2020;8(4):325–36.

5. Lee KP, Chen JS, Wang CY. Association between diabetes mellitus and post-
stroke cognitive impairment. J Diabetes Investig. 2023;14(1):6–11.

6. Jia X, Wang Z, Huang F, et al. A comparison of the Mini-mental State Examina-
tion (MMSE) with the Montreal Cognitive Assessment (MoCA) for mild cogni-
tive impairment screening in Chinese middle-aged and older population: a 
cross-sectional study. BMC Psychiatry. 2021;21(1):485.

7. Strini V, Piazzetta N, Gallo A, et al. Barthel Index: creation and validation of two 
cut-offs using the BRASS Index. Acta Biomed. 2020;91(2–S):19–26.

8. Bouwstra H, Smit EB, Wattel EM, et al. Measurement Properties of the Barthel 
Index in Geriatric Rehabilitation. J Am Med Dir Assoc. 2019;20(4):420–425e1.

9. Weaver NA, Kuijf HJ, Aben HP, et al. Strategic infarct locations for post-stroke 
cognitive impairment: a pooled analysis of individual patient data from 12 
acute ischaemic stroke cohorts. Lancet Neurol. 2021;20(6):448–59.

10. Reber J, Hwang K, Bowren M, et al. Cognitive impairment after focal brain 
lesions is better predicted by damage to structural than functional network 
hubs. Proc Natl Acad Sci U S A. 2021;118(19):e2018784118.

11. Mun KT, Hinman JD. Inflammation and the link to vascular Brain Health: tim-
ing is brain. Stroke. 2022;53(2):427–36.

12. van Duinkerken E, Ryan CM. Diabetes mellitus in the young and the 
old: effects on cognitive functioning across the life span. Neurobiol Dis. 
2020;134:104608.

13. American Diabetes Association Professional Practice Committee, Draznin B, 
Aroda VR, et al. 13. Older adults: standards of Medical Care in Diabetes–2022. 
Diabetes Care. 2022;45(Suppl 1):195–S207.

14. Ding MY, Xu Y, Wang YZ, et al. Predictors of cognitive impairment after stroke: 
a prospective stroke cohort study. J Alzheimers Dis. 2019;71(4):1139–51.



Page 8 of 8Ma et al. BMC Neurology           (2024) 24:72 

15. Lee K-P, Chang AYW, Sung P-S. Association between blood pressure, blood 
pressure variability, and Post-stroke Cognitive Impairment. Biomedicines. 
2021;9(7):773.

16. Drozdowska BA, Elliott E, Taylor-Rowan M, et al. Cardiovascular risk factors 
indirectly affect acute post-stroke cognition through stroke severity and prior 
cognitive impairment: a moderated mediation analysis. Alzheimers Res Ther. 
2020;12(1):85.

17. Kim KY, Shin KY, Chang KA. Potential biomarkers for Post-stroke Cogni-
tive Impairment: a systematic review and Meta-analysis. Int J Mol Sci. 
2022;23(2):602.

18. Lugtmeijer S, Lammers NA, de Haan EHF, et al. Post-stroke Working Memory 
Dysfunction: a Meta-analysis and systematic review. Neuropsychol Rev. 
2021;31(1):202–19.

19. Ocagli H, Cella N, Stivanello L, et al. The Barthel index as an indicator of hospi-
tal outcomes: a retrospective cross-sectional study with healthcare data from 
older people. J Adv Nurs. 2021;77(4):1751–61.

20. Einstad MS, Saltvedt I, Lydersen S, et al. Associations between post-stroke 
motor and cognitive function: a cross-sectional study. BMC Geriatr. 
2021;21(1):103.

21. Saa JP, Tse T, Baum CM, et al. Cognitive recovery after stroke: a Meta-analysis 
and metaregression of intervention and cohort studies. Neurorehabil Neural 
Repair. 2021;35(7):585–600.

22. Becklén M, Orhan F, Piehl F, et al. Plasma bilirubin levels are reduced in first-
episode psychosis patients and associates to working memory and duration 
of untreated psychosis. Sci Rep. 2021;11(1):7527.

23. Higuchi S, Kabeya Y, Uchida J, et al. Low Bilirubin Levels Indicate a high risk of 
Cerebral Deep White Matter lesions in apparently healthy subjects. Sci Rep. 
2018;8(1):6473.

24. Yin XL, Jia QF, Zhang GY, et al. Association between decreased serum 
TBIL concentration and immediate memory impairment in schizophrenia 
patients. Sci Rep. 2019;9(1):1622.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations. 


	﻿Risk factors for post-cerebral infarction cognitive dysfunction in older adults: a retrospective study
	﻿Abstract
	﻿Introduction
	﻿Methods
	﻿Participants
	﻿Risk or protective factors
	﻿Statistical methods

	﻿Results
	﻿Discussion
	﻿Conclusion
	﻿References


